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Abstract

This scoping review addresses the following ques-
tion: How does Artificial Intelligence adoption
impact organizational Roles, Activities, Norms,
and Values, and how can the Contextual In-
tegrity Framework help interpret these changes?
While AI adoption offers significant gains in pre-
dictive accuracy and efficiency, in traditional
sectors it often conflicts with established work-
place norms and artisanal identities. Drawing on
21 empirical, theoretical, and policy sources re-
trieved between March and April 2026, we syn-
thesize the literature into four interrelated pil-
lars: Roles, Activities, Norms, and Values. We
apply the resulting framework to the worked use
case of ”In Vino VeritAI,” a traditional winery
transitioning to precision agriculture. Our find-
ings are synthesized into a practical adoption
checklist for managers, demonstrating that for
low-tech SMEs, AI must serve as a collaborative
tool that safeguards human expertise. We con-
clude by identifying research gaps regarding the
socio-technical impact of AI on artisanal SMEs
and the financial trade-offs required for small-
scale implementation.
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1 Introduction

The digital transformation of the modern work-
place has shifted critical organizational tasks
from human discretion to automated algorith-
mic systems. In traditional and ”low-tech” sec-
tors—such as agriculture and artisanal man-
ufacturing—this evolution is particularly com-
plex. Organizations face a difficult strategic
dilemma: balancing efficiency gains with risks
to professional identity, artisanal heritage, and
worker autonomy. Policy instruments, such as
the EU AI Act, primarily focus on compli-
ance after adoption, offering limited support for
evaluating whether AI should be implemented
in the first place. To address this complex-
ity, this study adopts the Contextual Integrity
(CI) framework. Originally developed to eval-
uate informational privacy, CI provides a ro-
bust lens for analyzing ”context-relative infor-
mational norms”—specifically, how AI alters the
flow of data, responsibilities, and power dy-
namics within professional settings. Research
Question: Which practical criteria, analyzed
through the dimensions of Roles, Activities,
Norms, and Values, determine the readiness
and ethical feasibility of AI adoption in tradi-
tional professional environments? As a Type 2
scoping review, this paper aims to produce a
domain-agnostic framework—an adoption check-
list—that can be applied across different tradi-
tional sectors with minimal adjustment. Our
framework expands the research question into
four interrelated themes:
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• Roles and Competencies: The redistribu-
tion of accountability and the emerging
skills gap between veteran experts and dig-
ital systems.

• Activities and Operational Workflow: The
shift from heuristic-based observation to
real-time, data-driven decision support.

• Norms and Risk Management: The estab-
lishment of governance models to mitigate
”black-box” opacity and invasive workplace
surveillance.

• Values and Corporate Responsibility: The
alignment of AI strategy with long-term sus-
tainability, artisanal values, and stakeholder
trust.

2 Methodology

This study applies a scoping review methodol-
ogy to identify the practical factors influenc-
ing AI adoption through the CI framework.
Searches were carried out between March 24th
and April 9th, 2026, primarily using Google
Scholar, supplemented by Web of Science, Sci-
enceDirect, and SSRN. Search Strategy and El-
igibility Boolean search strings were structured
around four concept areas, combining technol-
ogy terms (e.g., ”AI adoption”, ”Predictive An-
alytics”) with context-specific keywords (e.g.,
”Traditional SME”, ”Workplace Norms”, ”Ar-
tisanal Industry”). The publication window was
set from 2015 to 2026 to capture the most re-
cent technological and regulatory developments.
Screening and Selection (PRISMA-ScR) Follow-
ing a rigorous three-stage screening procedure,
an original pool of 100 sources was reduced to
a final corpus of 21 empirical, theoretical, and
policy publications.

• Identification: 100 records identified
through database searching.

• Screening: 50 records were excluded after
title/abstract review for lack of relevance to
organizational contexts.

• Eligibility: 50 full-text articles were as-
sessed. 17 sources were excluded due to in-
sufficient methodological rigor or commer-
cial bias (unreliable whitepapers), and 12
were discarded for failing to align with the
four dimensions of the CI framework.

• Inclusion: 21 sources were retained for the
final qualitative synthesis.

Figure 1:

Data Coding and Synthesis Data from these
sources were retrieved, processed, and organized
into the four main themes. We coded each source
independently to identify key variables such as
trust factors, accountability gaps, and skill re-
quirements. The resulting synthesis forms the
basis of the adoption checklist applied in the
”In Vino VeritAI” case study. Full methodologi-
cal details, including particular inclusion criteria
and search strings, are reported in the Appendix.
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3 Framework

3.1 Roles and Competencies

Role and competence transformation. The
reviewed literature demonstrates that AI adop-
tion fundamentally redistributes responsibilities
among managers, technical experts, and em-
ployees [1]. In these studies, AI is not framed
as a simple technical addition, but as a pro-
cess that requires organizations to redesign work-
flows, strengthen coordination, and support new
forms of collaboration across functions [1]. This
shift also increases the importance of leadership
and organizational readiness, since firms must be
able to manage change while aligning technolog-
ical tools with existing work structures [2]. Con-
currently, this transformation demands new skill
sets. Organizations need employees and man-
agers who can understand, apply, and super-
vise AI-supported processes, combining technical
knowledge with analytical skills, digital aware-
ness, and domain expertise [2]. Differences be-
tween firms further suggest that internal capa-
bilities and organizational alignment play an im-
portant role in determining whether AI adoption
leads to meaningful outcomes [3].
Human oversight and role clarity.Current
evidence strongly counters the notion that AI
does not remove human responsibility from the
workplace [4]. On the contrary, as AI becomes
involved in decision-making, the need for role
clarity becomes even more important [3]. Eth-
ical and managerial accountability remain cen-
tral, since algorithmic outputs still require in-
terpretation, supervision, and final judgment by
human actors [4]. This is especially relevant in
decision-sensitive contexts, where transparency
and accountability influence both trust in AI sys-
tems and their acceptance within organizations
[3]. Current evidence indicates that successful
AI integration transcends mere technological de-
ployment; it fundamentally requires proactive
leadership, continuous capability development,
cross-functional integration, and unambiguous
human accountability over algorithmically sup-
ported decisions [1][4].

3.2 Activities and Operational
Workflow

Transformation of organizational activities. AI
reshapes daily operations execution. Instead of
doing everything manually, many tasks like fore-
casting, planning, and managing inventory are
now supported by AI systems that analyze data
and suggest actions [9][2]. For example, AI can
predict customer demand, detect potential de-
lays, or suggest the best delivery routes, which
helps companies work faster and make fewer mis-
takes [9]. Because of this, employees spend less
time on repetitive tasks and more time check-
ing results, solving problems, and making deci-
sions [3]. AI also improves accuracy in every-
day operations. Since systems use large amounts
of data, decisions are often more precise com-
pared to manual work. This can reduce costs,
avoid overproduction, and improve overall effi-
ciency. At the same time, companies become
more dependent on data quality, meaning that
incorrect or incomplete data can negatively af-
fect the results [2]. Workflow integration and
real-time operations. AI also changes how ac-
tivities are connected inside the company. In-
stead of working in separate steps, tasks become
more integrated because AI systems update in-
formation in real time. For example, if demand
suddenly increases, production, inventory, and
delivery plans can automatically adjust without
waiting for manual coordination [9]. This makes
workflows faster, more flexible, and better con-
nected across departments.

3.3 Norms and Risk Management

As more AI tools are integrated into workplaces,
organizational norms have been shifting towards
a better balance between efficiency and responsi-
bility. The primary norm that comes out of the
literature is transparency, meaning that AI sys-
tems should allow for explanations rather than
operating in a black-box system [7][13]. It is di-
rectly related to the need for organizations to
retain their responsibility and not delegate all of
it to algorithms [4]. In addition, with the adop-
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tion of AI technology comes considerable risks
to the privacy and freedom of employees. Data
tracking and emotional recognition may lead to
increased surveillance and, thus, a power imbal-
ance between employers and employees [6]. De-
spite a number of studies on the benefits of inte-
grating AI in terms of improving efficiency, there
are also numerous sources that point out the po-
tential consequences of imposing conformity and,
therefore, causing stress among workers [14][15].
However, the norms of risk management are be-
ing adapted to a more forward-looking perspec-
tive. Companies will not only need to react to
any issues arising from their operations but also
be ready to predict and prevent the risks of dis-
crimination, unethical use of information, and
opacity [8][12]. Nevertheless, there is an evident
contradiction: while more importance is being
attributed to ethics in business processes, com-
panies have to act quickly and efficiently, which
can sometimes lead to a disregard for risk man-
agement [7].

3.4 Values and Corporate Respon-
sibility

The integration of Artificial Intelligence (AI)
within corporate frameworks has increasingly
been framed in the literature not merely as
a technical challenge, but as a strategic pro-
cess closely associated with organizational values
and governance structures [16][17]. AI adoption
is frequently discussed as more effective when
it extends beyond short-term profit maximiza-
tion and is aligned with Corporate Responsibil-
ity (CR) practices that support long-term sus-
tainability [18]. Across recent contributions in
business ethics and management research, CR
emerges as a central mechanism for addressing
risks associated with algorithmic bias. In the
absence of transparent governance frameworks
and ethical oversight, AI systems may repro-
duce or amplify historical inequalities, poten-
tially leading to reputational damage and ero-
sion of stakeholder trust [19]. Within this body
of literature, AI ethics is often conceptualized as

a moderating factor: organizations that explic-
itly promote ethical values, accountability, and
transparency tend to report higher levels of em-
ployee trust in AI-enabled systems. This, in
turn, is associated with reduced resistance to
technological change and more effective adop-
tion processes, especially when leadership adopts
transparent, blockchain-enabled or decentralized
communication models. More broadly, the liter-
ature highlights a growing convergence between
AI governance, CR, and Environmental, Social,
and Governance (ESG) objectives. Recent re-
search suggests that navigating ethical dilemmas
through structured strategies for fairness and ac-
countability can enhance organizational legiti-
macy across multiple operational domains [20].
From this perspective, AI is increasingly framed
not as an inherently disruptive technology, but
as a tool whose impact depends on the values
and responsibility frameworks guiding its imple-
mentation. Overall, existing research suggests
that when commercial objectives are balanced
with a value-driven approach, AI adoption may
support both ethical orientation and sustainable
competitive positioning.

Figure 2:
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4 Worked Case: “In Vino
VeritAI” winery

To demonstrate the practical applicability and
explanatory power of the framework, we ana-
lyze the adoption of AI within “In Vino Ver-
itAI”, a traditional, lowtech SME that man-
ages the entire value chain, from grape har-
vest in the vineyard to bottling and direct sales.
One of the goals of the winery is to transi-
tion from intuition-based farming to precision
agriculture. Specifically, the management aims
to integrate IoT (Internet of Things) soil sen-
sors, vineyard-monitoring drones, and predictive
machine learning algorithms to optimize har-
vest timing, water usage, and disease prevention.
New technologies can also prevent supply chain
disruptions and enhance client services. How-
ever, introducing AI into a low-tech environment
presents a complex managerial dilemma: opti-
mizing operations without distorting the win-
ery’s historical identity and artisanal heritage.
[11]
Impact of AI in Roles & Activities: AI fun-
damentally transforms operational schedules by
relying on real-time data. The implementation of
Geographic Information Systems (GIS) and IoT
sensors allow the winery to dynamically moni-
tor vineyard health and optimize harvest tim-
ing based on micro-climate data, reducing crop
waste and maximizing yield [10]. The introduc-
tion of these systems exposes an immediate “skill
gap”. Veteran agronomists and master wine-
makers possess decades of deep domain expertise
but they lack the data literacy required to super-
vise the outputs of advanced AI systems. They
will need to attend a training course on these
new technologies in order to be able to collabo-
rate with AI because as highlighted in the previ-
ous part the AI will always need the supervision
of the human eye. Furthermore, integrating AI
into supply chain management leverages syner-
gies with external stakeholders [21] to swiftly re-
solve logistical disruption, such as sudden short-
ages of glass bottles or transport delays [9]. Man-
agement faces a critical “Make or Buy” dilemma,

ultimately relying on external System Integra-
tors to deploy these complex architectures [1].
To ensure successful adoption and bridge the re-
sulting skill gap [2], leadership must actively fos-
ter trust among the farming staff. AI functions
only as a decision support tool, ensuring that the
head winemaker and the chief agronomist retain
absolute final decision-making authority [3].
Impact of AI in Norms & Values: A pri-
mary managerial task is to calibrate the human-
machine relationship so that traditional human
knowledge-sharing among farmers is not lost to
algorithmic isolation [5]. Moreover, strict data
governance rules must be enforced, requiring
continuous supervision [7][8]. The winery must
establish clear boundaries to protect employee
privacy: GIS and monitoring tools must never
evolve into invasive workplace surveillance or
“Emotion AI” directed at farm workers, which
would foster toxic power dynamics and severe
workplace stress [6][10]. Introducing the AI is a
strategic process that needs to be closely in line
with the winery’s fundamental governance and
Corporate Responsibility (CR) goals [16][17]. If
AI is used only to maximize short-term profits,
like aggressively automating the harvest just to
cut labor expenses, the business runs the dan-
ger of suffering serious reputational harm. A
typical customer that appreciates the brand’s
traditional and artisanal background may be-
come hostile to such an opaque, profit-centric
strategy [19]. To avoid these risks, the winery
should utilize AI ethics as a moderating factor.
AI adoption must be directed toward Environ-
mental, Social, and Governance (ESG) objec-
tives, such as using predictive algorithms to op-
timize water conservation and reduce pesticide
use in the vineyards [20][18]. Additionally, lead-
ership actively fosters employee trust by ensur-
ing clear governance and accountability for how
these algorithms support decisions. In conclu-
sion, adopting AI in traditional SMEs is not just
a technological change but a complex organiza-
tional transformation requiring significant time
and financial investment. Due to these high bar-
riers, smaller firms are often not yet ready, while
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larger and more advanced companies can act as
pioneers. By testing and scaling these technolo-
gies, they can help make AI more accessible, sup-
porting a gradual transition toward a more inno-
vative and sustainable agricultural sector.

5 Gaps and Future Work

Research Gaps and Future Directions:
While the Contextual Integrity framework pro-
vides a robust theoretical foundation for under-
standing AI adoption, our review identifies sig-
nificant gaps in the current literature. Primarily,
existing research is overwhelmingly concentrated
on large technology firms and corporate environ-
ments. There is a critical lack of empirical stud-
ies examining the socio-technical impact of AI on
traditional, artisanal, or agricultural Small and
Medium Enterprises (SMEs). To address these
gaps, future research must move beyond theo-
retical surveys and adopt more rigorous, context-
specific methodologies. We propose three action-
able directions for future work:

• Ethnographic and Field Studies: Fu-
ture research should prioritize qualitative,
on-the-ground studies in low-tech environ-
ments. Understanding how frontline agri-
cultural workers and artisans actually inter-
act with AI tools (e.g., algorithmic harvest
predictors) will provide a more accurate pic-
ture than managerial surveys.

• Analyzing Managerial Tensions in
SMEs: Future literature must rigorously
investigate the cost-benefit friction of AI for
small enterprises. Research is needed to
quantify the financial sacrifices required for
implementation against the potential push-
back from traditional labor forces.

• Framework Calibration: As noted in
our findings, the norms and roles developed
within large technology firms do not seam-
lessly transfer to a vineyard. Future stud-
ies must adapt and calibrate frameworks
like Contextual Integrity specifically for the

operational realities of artisanal SMEs, en-
suring they serve as practical implemen-
tation checklists rather than abstract aca-
demic concepts.

6 Conclusion

This scoping assessment shows that strong com-
mitment to contextual integrity is necessary for
effective AI adoption, in addition to technologi-
cal preparedness. Through a methodical exam-
ination of the literature using the Roles, Ac-
tivities, Norms, and Values lenses, we come to
the conclusion that organizations need to take
proactive measures to address the ”responsibil-
ity dilemma.” AI must be integrated in a way
that respects established organizational stan-
dards; it cannot just be superimposed on con-
ventional procedures. The evidence synthesized
in this review confirms that for traditional SMEs
like In Vino VeritAI, AI adoption is a socio-
technical challenge rather than a mere financial
investment. Our findings reveal that the pri-
mary obstacle is not technological capacity, but
the ”delegation tension.” To maintain contex-
tual integrity, AI adoption must ensure that al-
gorithmic outputs remain subordinate to human
judgment, preventing the erosion of professional
agency in high-stakes decisions. By balancing
operational efficiency with the winery’s artisanal
identity, firms can navigate the digital transition
through a model of collaborative augmentation.
This Type 2 checklist serves as a strategic bridge
between technological innovation and the preser-
vation of human-centric professional norms in
the traditional workplace. While AI can opti-
mize the precision of the harvest, it cannot repli-
cate the heritage of the palate. The future of the
winery lies in data-driven tools that serve, rather
than replace, centuries-old intuition.
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B Search Strategy

The search strategy was created systemati-
cally based on the main concepts established in
the research question and the literature found.
Boolean operators (AND, OR) were used while
creating search strings to combine terms for the
desired context. The results were filtered by En-
glish language, suitability to the research ques-
tion, and a publication date range of 2017 to
present.

C Search string

The search string were made combining differ-
ent key words with Boolean operator in between.
The most useful were:

• “Ai adoption and costumer trust or accep-
tance”

• “Ai for SME and supply chain”

• “Ai vs stakeholders”

• “AI and organizational norms and privacy”

• “Ai adoption and corporate values”

• “Ethical Ai and Business goal”

• “Ai and organizational roles”

• “Task transformation due to AI”

• “Ai-Argumented work and decision mak-
ing”

• “Ai in the Wine industry”

• “Ai for agriculture”

D Databases

Google Scholar, supplemented by Web of Sci-
ence, ScienceDirect, and SSRN.

E Screening funnel

The screening and elimination of the sources
were done in three stages:

1. Elimination by title: After the com-
bined search strings were entered into the
databases, 100 sources were identified. Du-
plicates across the databases and off-topic
results were removed, passing 50 onto the
next stage.

2. Elimination by abstract: The abstracts of
the 50 sources were read and 31 sources were
excluded because not focusing on tasks or
delegation.

3. Final Screening: The final 31 sources were
read and pass through a full-text skim re-
view, maintaining 21 sources.

F AI use disclosure

Tools used: Claude, Gemini and ChatGPT were
used to assist with search query formulation,
initial thematic organization of coded factors,
and draft editing of prose sections. How used:
The tool was used to suggest search terms and
propose initial thematic groupings. The visual
framework was generated using an AI-based im-
age generation tool (DALL·E, OpenAI) based on
the author’s conceptual design (chat-gpt) nella
parte di chat All AI suggestions were checked by
team members.

G Members of the group
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S308841 Yigit Dogan
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S334679 Ali Hamza Özdemir
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Table 1: Coding scheme table, reporting the title of the paper, the type
of evidence, the factors, the themes and the context

Title Evidence
type

Factor Theme Context

Organizational impli-
cations of AI adop-
tion – A multiple-case
study on System inte-
grators

Empirical AI adoption triggers significant organi-
zational design changes, demanding in-
creased teamwork, collaboration, and new
types of knowledge. The technology elim-
inates certain routine tasks but simulta-
neously creates new jobs and roles within
the ecosystem.

Roles or Activi-
ties

System integrators and
companies using sensor
technologies.

Key Factors Influenc-
ing AI Implementa-
tion in Large Organi-
zations

Empirical AI implementation relies heavily on hu-
man and organizational factors, not just
technical ones. Success requires active
leadership engagement, overcoming the
skills gap through upskilling, and estab-
lishing clear AI governance to build trust
and transparency among the workforce.

Roles and Norms Large organizations across
multiple sectors such as
manufacturing, banking,
retail and software.

What determines AI
adoption in compa-
nies? Mixed-method
evidence

Empirical Successful AI adoption and AI readiness
depend heavily on organizational factors
such as role clarity, perceived trust, and
perceived benefits. AI ethics acts as a
critical moderator by enhancing trust and
clarifying the boundaries between humans
and machines.

Roles or Norms Small and medium-sized
enterprises, particularly in
manufacturing contexts.

Setting the future
of digital and social
media marketing re-
search

Systematic
Review

Socio-technical alignment, psychological
trust barriers, and human-centric value
systems in AI adoption.

Ethics and Trust Global digital business en-
vironment and broader
societal implications of
AI-driven marketing and
interaction.
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Title Evidence
type

Factor Theme Context

Understanding digital
transformation: A
review and a research
agenda

Systematic
Review

Structural transformation, organizational
agility, and strategic governance frame-
works for digital evolution.

Digital Transfor-
mation

Strategic management
within global corporations
and leadership challenges of
large-scale digital shifts.

Exploring how AI
adoption in the work-
place affects employ-
ees: a bibliometric
and systematic review

Systematic
Review

AI adoption is influenced by organiza-
tional strategies and employee-related
factors such as psychological safety, work
autonomy, and perceptions of AI-driven
change.

Roles and Norms Workplaces integrating AI
technologies across different
industries.

An artificial intel-
ligence algorithmic
approach to ethical
decision-making in
human resource man-
agement processes

Theoretical The need for ethical frameworks to bal-
ance automated decision-making with hu-
man judgment. Managers must maintain
algorithmic accountability over AI deci-
sions to avoid discrimination and bias.

Values Human Resource Manager.

Emotion AI at Work:
Implications for
Workplace Surveil-
lance, Emotional La-
bor, and Emotional
Privacy

Theoretical The adoption of Emotion AI in the work-
place leads to invasive surveillance that
threatens emotional privacy and increases
stress, anxiety, and loss of autonomy.

Norms General work environment
and workplace surveillance.

The ethics of AI busi-
ness practices: a re-
view of 47 AI ethics
guidelines

Theoretical AI ethical guidelines focus mainly on
technical aspects while neglecting con-
text. Ethical AI adoption should be
guided by fair business practices based
on fairness, accountability, sustainability
and transparency.

Norms Corporate governance and
ethical guidelines for AI
technology firms.
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